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Abstract: With the rapid development of emerging technologies such as the internet, big data and cloud

computing,artificial intelligence(AI) has been widely used in imaging and pathological clinical assistance diag-

nosis and treatment. As an important support of modern medicine,clinical laboratory is also imperative to in-

tegrate with Al. This article focuses on how to combine test big data with Al to build clinical laboratory Al,

and look forward to the application prospects of clinical laboratory Al in the field of auxiliary diagnosis and

treatment such as disease diagnosis,prediction and risk assessment.
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